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The 2025 U.S. tariff expansion triggered
widespread discussions across social media EXTERNAL

platforms. REVENUE

Social media users interpret policy events
through narratives and symbolic cues embedded

In posts, images, and videos. 69 /;7 '
Symbols simplify complex economic and political RUMP’S PLAN FOR
Issues and shape how people interpret and share

information online. Donald Trump Announces “External

. . . ; Revenue Service” To Collect Tariff &
Symbolic framing is key to understanding Revenie From Foraian Somts
narrative diffusion.
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Policy Context
2025 U.S tariff increase (10-25%)

Triggered widespread discussions online -
. Platform | Total Unique Posts
Dataset Overview _
Over 21,000 posts X/Twitter 6,358
January to May 2025 Instagram 7,420
TikTok 7,799
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RQ1: How do social, cultural, economic
and political (SCEP) symbolic cues
influence the diffusion of tariff-related
discussions across different social media
platforms?

RQ2: Does the presence of multiple
symbolic cues within a post contribute to
faster diffusion of tariff-related discussions
on social media?
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- Schema Generation
« Gemini 2.5 Pro to generate initial schema

« Uses large context and multimodal input

- Post Assignment
« GPT-OSS assigns posts to each clusters

- Efficient batch processing

COSMOS

Text:6,358 LLM Clustering
X/Twitter / . ] \
Gemini 2.5 pro GPT-OSS Mapping
Images:7,420 Initial Schema post to clusters QWEN-3-VL-32B- SEIZ for
Narrative
Instagram | —> . lnst:juct fo.r SCEP | _, Do | — g
Lgr%er contzxt] . Smaller models to assign etection 0
. winaow maodeils to th tt ti
Images:7,799 A c]:sf:rs o respective RN
TikTok representative posts )
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Multimodal Symbol Detection

« QWEN-3-VL-32B
Symbol Categories (SCEP)

« Social, Cultural, Economic,

Political

Model Performance
« High accuracy across
- most categories (>85%)

COSMOS

System Prompt

User Prompt

Structured Output

"You are a text analyst specialized in analyzing
tweets related to tariffs, trade, politics, and
global economics. You must identify the
presence (0 or 1) of social, cultural, political, and
economical symbols or themes in the tweet”

Analyse the following tweet to
identify social, cultural, economical
or political symbols. Return a JSON
response with presence (1) or
absence (0) for each category

Social: int
Cultural: int
Economical: int
Political: int

<l 88 s

{S:1, C:0, E: 0, P: 0} {S: 0, C:1, E: 0, P: 0} {S: 0, C:0, E: OP 1} {5:0, C:0, E: 1, P: 0}
Symbols Dataset (Images) QWEN-3-VL-32B- Datasets (Text) QWEN-3-VL-32B-
Instruct (Images) (%) Instruct (Text) (%)
Social USED 100 Social-Chem-101 91
Cultural Religious, Pilgrim, Temple | 99.09 HateXplain 72
Economic | Coins, Currencies 87.72 Twitter-financial-news-sentiment | 95 -
Political Political Parties 96.39 Political tweets 82
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- User States
« Susceptible (S) — have not seen the post yet
« Exposed (E) — have encountered the post
« Infected (l) — actively sharing the posts
« Skeptical (Z) — chose not to share or have stopped sharing

- Key Metrics
« Transmission rate ()
« Reproduction number (R0O)
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Count

Political and economic symbols
presence high

Posts with two symbols (category 2)

were predominant

1400

1200

1000+

800

600 1

400 1

200

X/Twitter

Instagram

TikTok

COSMOS

Platform | Dominant Dominant Cluster Description
Cluster Size

X/Twitter | 794 Trade Negotiations, Deals and Truces

Instagram | 1,302 Market and Financial Impact Analysis

TikTok 1,043 US-China Geopolitics and Trade War

Count

1400 -

1200 -

1000+

800 1

600 -

400 -

200

X/Twitter

I Category 1
[ Category 2
3 Category 3
I Category 4

Instagram TikTok
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Platform-Specific Symbol Effect

- Instagram — Economic

. X —Political
- TikTok — Cultural (fast), Political (persistent)

[ Social I Cultural I Economic

N —

Instagram

X (Twitter)

E Political

TikTok
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Transmission and persistence varied across platforms
Instagram — Category (fast), category 2 (persistent)
X — Category 2 (fast), category 3 (persistent)
TikTok — Category 4 (fast and persistent)

[ Category 2 I Category 3 I Category 4 [ Category 2 I Category 3 I Category 4
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- Key Findings

« Symbolic framing shapes diffusion dynamics

« Symbol effectiveness varies by platform
« Multi-symbol narratives enhance diffusion rate
- Implications
- Platforms influence how narratives are interpreted and spread
- Symbolic cues play a critical role in shaping public discourse
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- Limitations
« Potential bias in LLM-based models
« TikTok analysis limited to first video frame
« Focused on dominant narratives only

- Future Work

« Full video content analysis
- Expand to additional narratives and platforms
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« 5-year $15 million grant from the U.S. Department of
Defense, PI: Nitin Agarwal, Ph.D.

« 20+ Graduate Research Assistants (MS/PhD)
($27k, Full Tuition coverage, Health Insurance covered)

» 10+ Postdoctoral fellowships
($60k - $110k, Full benefits, Health insurance)

« 10+ Full stack developer, Dev Ops, Data engineer
($60k - $100k, Full benefits, Health insurance)

« 2 System Engineer
($65k, Full benefits, Health insurance)

Apply at hitps://cosmos.ualr.edu/careers/
Contact Prof. Nitin Agarwal (nxagarwal@ualr.edu)

Hiring Now

Open Positions

Graduate Research Assistant

More Information:

&) Dr. Nitin Agarwal, nxagarwal@ualr.edu
cosmos.ualr.edu/job-listings/

9 COSMOS Research Center, Arkansas, USA

8COSMO

Collaboratorium for Social Media and
Online Behavioral Studies
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COSMOS Tools Developed:

Blogtrackers - https://btracker.host.ualr.edu

YouTubeTracker - hitps://vtracker.host.ualr.edu

Focal Structure Analysis - http://fsa.host.ualr.edu/
COVID-19 Misinfo Tracker - https://cosmos.ualr.edu/covid-19

FOCAL

Blogtrackers Y tracker @STRUCTURE

Follow cosmographers on

ANALYSIS

https://cosmos.ualr.edu/
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